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Abstract

This study aimed to classify the risk of student dropout based on academic performance in foundational
science courses and assigned major preference rankings using information available at the time students were
assigned to their majors. The objective was to support the early identification of students who may be at risk of
dropout before academic or personal difficulties become apparent. Retrospective data from 2,108 undergraduate
students enrolled in 12 majors in the Faculty of Science, Prince of Songkla University, who participated in the major
selection process during the 2021-2025 academic years, were analyzed. Descriptive statistics, independent-samples
t-tests, chi-square tests, binary logistic regression analysis, and a Risk Matrix were employed. The results showed
that 374 students (17.74%) dropped out during the study period. Students who dropped out had significantly lower
mean grades in foundational science courses than those who remained enrolled (1.53 vs. 1.92, p < 0.001) and were
assigned to majors with significantly lower preference rankings (mean ranking = 4.31 vs. 2.89, p < 0.001). Binary
logistic regression analysis indicated that academic performance in foundational science courses was significantly
associated with dropout risk (OR = 0.205, 95% CI = 0.158-0.265, p < 0.001), while the preference ranking of the
assigned major was also significantly associated with dropout risk (OR = 1.215, 95% Cl = 1.164 - 1.268, p < 0.001).
The highest-risk group identified by the Risk Matrix consisted of students with the lowest academic performance in
foundational science courses who were assigned to their fourth-choice major or lower, with a dropout rate of
36.1%. Among the 12 majors, Physics exhibited the highest dropout rate (38.7%), whereas Applied Chemistry-
Biology showed the lowest rate (8.1%). These findings provide a practical basis for developing an early warning
system and implementing proactive academic advising and student support interventions. Future studies should
incorporate qualitative evidence to further explain the underlying factors contributing to student attrition and to

support the development of more effective intervention strategies.

Keywords: Student Dropout, Risk Classification, Foundational Science Course Performance, Major Preference
Rankings, Risk Matrix
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